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FDataSentics

ML Center of Excellence in Prague & Brno
serving Central and Western Europe

Data science

Machine learning

(incl. NLP, image, graphs...)
35+ specialists

Data engineering
Cloud

(Azure, AWS)
15+ specialists

We become your data innovation partner
within your digital transformation

ML use case ideas + w™mmy  Experiments/
standard solutions prototypes

\ /

Automated ML solutions in production
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FDataSentics

ML Center of Excellence in Prague & Brno We become your data innovation partner

serving Central and Western Europe

Data science

Machine learning

(incl. NLP, image, graphs...)
35+ specialists

within your digital transformation

ML use case ideas + — Experiments/
Data engineering standard solutions prototypes
Cloud

(Azure, AWS) \ /

15+ specialists

Automated ML solutions in production

Financial services

Industry focus E Retail, FMCG and ecommerce

ERSTESS M MONETA Allianz@ VIG® Asali [ixER) B M

RedBull

Finance Customer Engagement 360° Retail Customer Engagement 360°
Shelf Inspector

Key references
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$DataSenti
\" :} G G en I cs Center of Excellence in Prague & Bratislava We become your data innovation strike

serving Central and Western Europe team within your digital transformation

_ . ML use case Experiments/
Data engineering ideas prototypes
Cloud

Automated ML solutions into production

Industry focus O | Financial services \__/ Retail, FMCG and ecommerce
Key references ERSTES DdmMONETA Allanz(@ VIG® Asshi [N (SR e

Shelf Inspector.

Agile Data Best Open-source Unified Analytics Infrastructure, Scalability and
Analytics Big Data Engines + Environment + Automation
Platform

spm‘iz @ python $databricks A\ Azure
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e

...is not easy if you are not a Google or Facebook A X



Around 100 sessions every day...
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Digital ,footprints“

Ad interactions (wider internet behaviour), web interaction
(own sites), mobile apps, external/partner data, ...

Dynamically changing, reflecting short and long-term needs
Uncertainty, fragments about interests, behaviour, lifestyle

Enormous data (B+ ads, M+ visits of website...), messy,
unstructured, changing interfaces
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RtbVars

{'request
[1,35.74,

Trequest
11,3374,

[request

- | utm_sour

repozitan

[request

Trequest

[request

[request
[308], b

[request
tridz/ 370

Trequest

[renuest
Jepro-dsl

[request
olympiisk

[request

[request
nymburki

=tab™truel, ink
'expandime’

etab™truel, ink

UserSettingsVars

Tcitydd 1807, "countryid - 203, browserid -85, osid™: 144, "oslanguagsid 14, "browssranguageid ™ 14, scresnsizeid

Tcityid": 1807, "countryid 203, "browserid 85, "osid" 144, "oslanguagsid™ 1 4, "browseranguageid™ 14, "scresnsizel

ity

WHAT

{'city

[oityid™1

“exposurstime”202]}

neryid - 203, browseri
bountryid™:203, "browse]

Jounitnyid 203, browsey

T'cityid":286101, "countryid":203, "browsen?

Teityid 288101, countryid 203, "browsend ™88, osid " 124, oslanguageid 14, browserlanguageid 14, sereensizeid "8

Tcityid 283101, "countryid 203, browsend™

teraction”:
“exposurstime” 14077

[cityid 284935, countryid 203, browse

T'cityid":244708, "countryid 203, "browsenid™ 173,

Tcityid™: 1807, "countryid: 203, "browserid":86, "osid" 144 "oslanguagsid™ 1 4, "browseranguageid™:

[cityid 1807, "countryid - 203, "browserid -85, "osid ™ 144, "oslanguagsid ™14, "browseranguageid™:

Tcityid™: 1807, "countryid - 203, "browserid :11,"asid ™ 124, "oslanguapeid - 14. browserlanguapsid™1

7, "countryid . 203, browserid": 153, "osid"™: 24, "oslanguagsid™ 1 4, "browseranguageid™:

[cityid 1807, "countryid - 203, "browserid -85, "osid ™ 144, "oslanguagsid ™14, "browseranguageid™:

id":124, oslanpuageid ™ 14, browserlanguageid™ 14, screensizeid &

85.70sid"™: 144, 0slan|

132.os)

03"sc

" 144 "oslanguagsid 1 4. "browseranguageid 14, "seresnszaid 102, "0

" 144 "oslanguageid 14, "browserangusgeid 14, "scresnsizeid 100, 5o

resncolorsid ™24}

14, soreensizeid™ 103,
Enguageid 14, scresnszed ™ 103,

L Orowserlanguagsid 14, soreensizeid ™88,

INT. COUNT

14,"seresnsizeid 65, sereencolorsid 24}

5, seresncolorsid 24}

14, "seresnsizeid 68, sereencolorsid™24)

“sereensizeid”:21,"screencolorsid 24, ashversion™ 28}

14,"seresnsizeid 59, sereencolorsid 24}

14, "seresnsizeid 68, sereencolorsid™24)

URLfrom

hétps:ifwmail cantrum.cz/

hatps:ivmail cantrum.cz/

resncelorsid’ 24} hetpszi'mail centrum.ca'?
usm_source=centrumHF&utm_content=;

0
hatps:iisport blesk.cz!

=fzuliEutm_term=posith

hetps:i'vmail cantrum.cz/

resncolorsid 24} hétps:i'mail centrum.cz/'?
utm_source=centrumHP&utm_content=defauitButm_term=posits

0

hatps:ifevew.sreality cz/

resncolorsid :24)

hatps: v root czizpravicky/schvalend
everything-modular-repazitany/

hatps:iisport blesk.cz!

hetps:iisport. blesk.cz!

hitps:ifilmboult refresher.cz/

reencolorsid 24} hatps:i'mail yahoo.comd

24, Tlashversion™ 28} hatps: e sreality.cz/
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DezpecnE-InsE-pENET-

screenco
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screencolorsid 24} hatps:fevew s ez pri-hre-slunicke-otehotne lo-nekolik-studants
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scresncolos 24 "Raghversion” 20}

s o HOW MUCH

Visibility Time
8049

2001

10740

20458

302

1

DEVI

20348

435

42035

12031

0

CrossDeviceData
T provide rtitie”" Adf

T'providertitle™",

T'providertitis’

Tprovide riitie”" Adf

T'providertitle"" Adf

Tprovide it Adf

T'providertitle":" Adf

Tprovidertitie™",

Tprovide riitie”" Adf

T'providertitle™",

Tprovide it Adf
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Tprovide riitie”" Adf
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T provide it
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\':.::_:';DotoSentics

Karl‘s digital ,,footprint”

. how-to-travel-in- Pages: /60I- ) .
DIGITAL Seen ads on pages: Clicked /vietnam Jcheap- backpagck //9OI-bag Logged in portal /review-of-top-insurace- /comparision- /pest-child-seats,
BEHAVIOUR /weather, /val-gardena, through ﬂigh{s-to- /best-trac,king-gear, to finalize Life companies, /claim-  of-pension-  /safety-rating-of-ct
i email link ’ i olicies
DATA /dolomites, ... il vietnam.. i insurace problems polici seats

LOOKS UpP LOOKS UP INFO

LOOKS UP INFC
ABOUT KID STUI

ABOUT PENSION
POLICY

INFO ABOUT
PRODUCT

PROBABLY NOT PROBABLY GOING
SATISFIED TO MARRY SOON

SEARCH FOR
LOOKS UP INFO LOOKS UP INFO
NEW INFO m ABOUT VIETNAM BAC';PE‘:%K'NG ABOUT VIETNAM
INSIGHTS & YOUNG AND ACTIVE PROBABLY GOING
TRIGGERS (SPORTY) TO TRAVEL A LOT

Winter Spring Summer Autumn

TYPICAL OFFER UPSELL CALLS REFUSE DIRECT
DATA PRODUCT PRODUCT CALLCENTER OFFER

Without digital behaviour data (from our websites, internet behaviour from ads, mobile behaviour from Digital channel...)

it‘s not possible to be relevant... .
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niclsen SSRRNED
KANTAR o .
C)2 — Digital campaign
Digital ONLINE ADVERTISING  OWN WEBSITE MOBILE CLIENT PORTAL 3rd party data, management tools
channels  (BROAD INTERNET) INTERACTIONS ~ APP INTERACTIONS  INTERACTIONS Internet of Things, <
behaviour geo data, etc.
Client profile (CRM)
| N A B |
Classic
CRM / data Branches Transactional Emailing / Callcentrum p
& sales networks data SMS / Push data / call logs . .
processes Classic campaign

ﬁ (@ @ @ management tools
eonen  Gsas
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salesf

adform @ ;A

mmmmmmmmmmmm

niclsen
@ KANTAR
02 media Digital campaign

Digital ONLINE ADVERTISING  OWN WEBSITE MOBILE CLIENT PORTAL 3rd party data, management tools
channels  (BROAD INTERNET) INTERACTIONS ~ APP INTERACTIONS INTERACTIONS Internet of Things, -
behaviour geo data, etc.
\ \ A
l l / Machine S
o : : : . learnin £ c
Your data Digital non-client & client behaviour profiles & g S
science B S
platform NON-CLIENTS -
in cloud Client profile (CRM) g 5
8 o
=]
/v /A T \ ENRICHED NEXT BEST OFFERS <
. A 4
Classic
CRM / data Branches Transactional Emailing / Callcentrum p

& sales networks data SMS / Push data / call logs . .
processes Classic campaign
ﬁ (@ @ @ management tools
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Al-augmented Customer Engagement 360° wiDataSentics

salesf

adform f‘

mmmmmmmmmmmmm

niclsen
@ KANTAR
C)2 media Digital campaign

Digital ONLINE ADVERTISING  OWN WEBSITE MOBILE CLIENT PORTAL 3rd party data, management tools
channels  (BROAD INTERNET) INTERACTIONS  APP INTERACTIONS INTERACTIONS Internet of Things, <
behaviour geo data, etc.
\ \ A
l l / Machine S
o : : . . learnin % c
Your data Digital non-client & client behaviour profiles & 88
science = N
o =
o ®©
platform NON-CLIENTS %
. . e
in cloud Client profile (CRM) s 5
o
£
/v ENRICHED NEXT BEST OFFERS <
. f T \ v
Classic
CRM / data Branches Transactional Emailing / Callcentrum p
& sales networks data / call logs
processes data SMS / Push / g

Classic campaign
(@ @ @ management tools
eonen  Gsas

Y ﬁ Y
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Case study 1) Ad purchasing optimization / personalization

Improve visibility

of your Ads by
. 25%
niclsen
KANTAR - _
C)2 media Digital campaign
Digital ONLINE ADVERTISING  OWN WEBSITE MOBILE CLIENT PORTAL 3rd party data, management tools
channels  (BROAD INTERNET) INTERACTIONS ~ APP INTERACTIONS  INTERACTIONS Internet of Things, <
behaviour geo data, etc.
\ A
\ l l / Machine 3
. . . . . . learnin % c
Your data Digital non-client & client behaviour profiles 8 g S
science s N
o =
©
platform NON-CLIENTS S
. . =)
n cloud Client profile (CRM) 5 B
o
£
/ ENRICHED NEXT BEST OFFERS <
H f T \ v
Classic
CRM / data Branches Transactional Emailing / Callcentrum p
& sales networks dat i
processes data SMS / Push ata / call logs

Classic campaign
(@ @ @ management tools
ExponEr  Gsas

Y ﬁ Y
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Case study 2) Using on-line data to enrich wiDataSentics
CRM marketing

E
adform ~ @ A

Google Ads

mmmmmmmmmmmmm

niclsen
KANTAR o '
C)2 media Digital campaign

Digital ONLINE ADVERTISING  OWN WEBSITE MOBILE CLIENT PORTAL 3rd party data, management tools
channels (BROAD INTERNET) INTERACTIONS ~ APP INTERACTIONS INTERACTIONS Internet of Things, p
behaviour geo data, etc.
\ A
\ l J / Machine S
. . . . . . learnin £ c
Your data Digital non-client & client behaviour profiles & 88
science = N
o =
platform NON-CLIENTS %
in cloud Client profile (CRM) g 5
o
£
/v ENRICHED NEXT BEST OFFERS <
. f T \ v
Classic
CRM / data Branches Transactional Emailing / Callcentrum <
& sales networks data / call logs
processes data SMS / Push / g

Classic campaign
(@ @ @ management tools
ExponEr  Gsas

Y ﬁ Y

Outbound calls with

50 %

higher conversion rate
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How it works?

EXTERNAL ID ‘ tokens

O009E41E359E6BC1D197451D4870005D77 105B7E L ["penize"f'seznam”,"novink kdo","narok","predeasny” "duchod","source”,"seznam","medium”,"sekce" "inlernetu”,"seznam","kafe","laska","vztahy", "kl
008ADSETC3FA41C7 2FEB6ABCCF399E7DDSBEBZ2EF W pleskovky”,"zlate","Nranky","zdarma”,"pro”, "vsechny”,"default”, "novinky" "veda","skoly" "pacient”,"vykaslal","krevni","srazeninu","tvaru","pruduse|
02A5AG6A135A05T3FG46BACCE429ESE9A2126F24  » peniz \'Pujcky”,"penize”, e" "spolecnost”,"alois" "svehlik","divadlo”,"serialy" "film" "strese","magazin”,"dnes" "lidicky","zar},"mobile" "§sob
0343C7TA2F265DD15CD99CCCE2180689ATI85EADZ  f["cars”,"folygalerie”,"inzerce ) "tsi","mpv" "cars","fotogalerie","inzerce","skoda", "roomster","tsi","mpy ptogalerie”,"inzerce)/"skoda","ro
062ABB39F512DD0651D84F6341DF2AG5A6D60411  /»

[

["sreality” "de
0343C7A2F265DD15CDISCCCE2180689AT985EADY » [

[

[

"seznam”,"lipca
02A5A56A130A0573F646BACCE429E5E9AZ126F2 »

"idnes","idnes","zpyéavy","zahranicni®,"
00BADSETC3FA41CT2FEBEABCCF399ETDDSBEGZEF » ["kurzy","sport”,” il%l",“premier":"lea ue" "clanek”,"soR\jici","zprava","anglie" \fotbalovy","brankar Cech","sezone", "ukonci”, "karigfu","sez" "sport","ostatni","ter

Vite, na co presné £i chcete pujéit? Pokud ano/muiZete ziskdt pajéki\za vyhodnéjSich pogrhiinek a we vy3\ aZ 2,5 mil. K&.

Cheefe-li vEdér vic, zavolejte na nadi begplatnou gefefonni linku 800 20§ 208 nebo se stgifte ve kterekoliv pobdocca

4
Elektronika QL
. % AS

Nabytek Auto

Détsky pokoj
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How our ML/AI really works?

Raw Ad data

Who, Where, What, How long (s), How much (EUR), ...

7] DATA-BASED
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How our ML/AI really works?

Raw Ad data Creating user journeys

Who, Where, What, Individual level
How long (s), How

much (EUR), ...

7] DATA-BASED
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Automatically creating user journeys

EXTERMNAL_ID Hypo_date concated_urls
HOr LD GRLULES 03U 0D DDA UGOS30 (48 20U 1 L VL I, L B L L0110 L U T P L= oL st = IR Lt L 11 L WA LV L s s o St Lt L1 I =L sty = L s Lo
ASEIDG04231AC21048BEFSACEGI000B5TI0403AT 2018-04-12 hittps: e nowinky cz/zahranicni'clansk/neoviadany-visk-se-v-sustrali-riti-rychlosti-150-km- h-40274 335 hitps:/iwvew seznam.cz/ hitps: v seznam.cz’ hitps:wn seznam oz’ hitps: Ve

AFCBEVCBISAEEDBACS11F2C5CHI08ERTC204E1ET | 2018-04-12 hitps: /i seznam.cz/

B49FEaDA45B0ETCIDB00CEAB4DD314FAER121FES  2018-02-28 hittps:ivaws hypemeslity czinzerat'detsil T38075 1-prodei-samostatneho-redinneho-domu-5-1-85-m2-zshrada-roztoky-u-prahy-praha-zapad. hitpsiv hypemeslity cafinzeratidetsil 7380781 -p
B-milionu-korun himighp-sez hitpsaib.cpex cz'12 hitps:ijzdniady.idnes. ceiviakyautobusymhdvse/spojenil

ES356553F19550FB0CF2CTETA0FCOB0EBIAGESAA  2018-04-12 hitps:ivaweas nowinky oz kultura 4B 8T ES-recenze-skiensny
celebrity_renéfoto=BkTa3=c_profimedia_0235918180.jpg.h

hizdngjsi-naz-sklo-z-ocelwily-tugendhat himl ntips: e expres callouny-tyrani-smona-t-osef-k-d)3- zpravy aspefo=A100325
e ssznamocal hinp: | extrastony ozl pred-T0-etp-van kly-ikonicke-fotky-elzabsth-aylor-z-sesinactilete-divky-udelaty-zenu ht

using NLP methods (TF-IDF, LDA, word2vec, supervised learning) + external data sources

[ EXTERMAL_ID tokens
ODERA44EF40T25AFBC0ADADARGDE3ESEDTBEB3AT  » [Togin”, szn”, "retumurl”, seznam”,"seniceid”."email’,"emaillogout”,"super”, pruni”, fotky”,"brimey”."spears”, cpusteni’, "psychiatricke”, lecsbny”, "vlas

ODEESOCEIEE440BE3AZDIGCATBITCE20BEEBABCIC | » [Toyznys", doprava”, logistika”, "nova”,"pravidla”,"stk™, [sou”,"moc”, " herda”, "devet”, "desati”, "vozu”, " nemusi”, "projit”, "source”, seznam”, medium”,"sekc

DOFE448A3EFRAD ZZCTADRR4BF 1300802000454 » [olesk’ clanek” "celebrty”, "ceske” "calebrty” "I, smni", "borivaje”, "nawratia” "ulice”, navstevniky”,"sebevrazds”'mesic "svatbe” "blesk” blesk’t
D108CENFATIO4ERCETCEDAFETAF 3224147553438 ¥ ['seznam’,"email”,"seznam”, inboe]

01DC2CF40F254Fa606G2053TFGEE8546BCF 13621 ¥ [isport”, blesk”."ispont”, "blesk”, "clansk”,"btenis”, "urna]”, "mistryn”, “turnaj”."mistryn”, "online”,"pliskova”,"srownals”,"kvitova”™,"pad|a”, podruhe”, ispor”,"
01123CF5DAF4BB20588410C42A2E0T 1889550730 ¥ ['reality”, idnes™, "detail”,"prode]”, byt "usti”,"nad”, "labem”, "stadionu’]
]

114BABBIEENZSD0E5E2SG0AFDTO018AF 1288471 » ['zpravy”,"skiualne”,"ekonomika”, technika”,"zahrajte”, “wytecnou”, “ceskou”, "sdwentury”,"samorost”,"article”, "seznam’”, login”,"szn”, returnurl”,"s=zna

Using same processing like FB, G, UBER, NFLX, ....
Parallel computation in Cloud & Spark
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How our ML/AI really works?
Raw Ad data ﬁm Creating user journeys
Who, Where, What, : - Individual level
How long (s), How
Identifiying GOAL
m User action
User profile (Male/Female)

much (EUR), ...
User intentions (change in behaviour)

Visible time
. Creating algorithms
m Mathematics & statistic
modeling

7] DATA-BASED
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Machine learning what drives goal

EXPLANATORY VARIABLES

\ 4

IMPRESSIONS -> JOURNEY

1.IMPRESSION

2.IMPRESSION

seznam

finance
finance

sauto
babis

seznam
Seznam

rohlik

sauto

finance

seznam

CLICK

o O O O - Bk

CONV.

GOALs

VISIBLE SECONDS,
MORE CONVERSIONS,
SEGMENT, ...
(MALE?, SPORTS?,
INTERESTED IN CARS?)
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Machine learning what drives goal

, mm= ang.= f (e, babi§ + a; " finance + )

MACHINE LEARNING
MODEL
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How our ML/AI really works?

Raw Ad data [ﬁm Creating user journeys

Who, Where, What,
How long (s), How
much (EUR), ...

Individual level

/ ™\ Identifying GOAL

User action

- User profile (Male/Female)

User intentions (change in behaviour)
Visible time

/= \ Creating algorithms

\. /" Mathematics & statistic
modeling

Using algorithms

Calculating score based on
new data

i+ | DATA-BASED
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Using algorithms to process new data “iDataSentics

4x higher probability

l.......
0.00
1 2 3 4 5 b [§ bl 9

N

Where to target Who to target
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jDataSentics

Campaign Management Tool b

ences (Al

Custom  Unified 1 E* Export =
Y - Reset Coluimins: Multi - Q
Status Audience Name [ Owner ID Data Type Audience Category UID’s Tatal UiD’s Desktop UID’s Mohile UID’s Tablst Impressions ~ Cumency Lastimpre s
BEGE 05 _MicroSe ora 13t party nEasentics_Mi agments 1.83M | 50 ] 1 F2 I
4 i) 15t party ystasentica_MieroSegments 475 | o 53 5
] [ acve | b 1st party S a5 64 1
C o
DatzSantics MicoSeg . =
" Ei E. S_MicroSeg 1st party 42 53
ments ™ °
€
S 05 _MicraSegmen:_Young Families with Ch 13t party | 39 5 = 019-10-14
< Idrer
B
) SRS ©5_MicroSegment_Men 1st party 4 b
v :
]
EEEEE  0S Micros 1st party SERE 324M | 50 33 178 2019
n 5
I BEEES 05 MicroSegment_Women 35-24 1skp - 5 5 )] 2019-1
] :
i =S 05 _MicroSegment_Women_ 18+ sport_fan 1st party | 494 17 ) 10104k
s_bettors
P )
s S 0o MicroSear 1st party E 529 10
s
1
A s MicroSezment_Fi 553.13k | 21 5 78.31 E :
"W )
A Fags = 4 Next ¥ 25 =~
, -

DATA-BASED

Cool data.Cool space.




How our ML/AI really works?

Raw Ad data ﬁﬁ? Creating user journeys
Who, Where, What,

Individual level
How long (s), How
much (EUR), ...

Identifying GOAL

User action

User profile (Male/Female)

User intentions (change in behaviour)
Visible time

Creating algorithms

Mathematics & statistic modeling

Using algorithms

Calculating score based on
new data

Creating output for Tool

Updating lists based on score
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Data science architecture

1 1
DIGITAL L TARGETING | 0 :
< 1 salesforce 1
CHANNELS ! PLATFORM ' adform . -.\ |
' ' ! df\) !
1 1 Google Ads
. adform @ | ; © s
| Adobe Audience Manager I I I
SXPONEA ARG facebook
b e | e :
Automated download Automated update

YOUR DATA SCIENCE

PLATFORM IN CLOUD USER1; BID0.2;

1
1
1
1
1
! USER2; BID0.6; USER / DOMAIN
| ALGORITHM USER3; BID 0.0; LIST
: (optimizing USER4; BID 0.9 ;
o oo ' STORAGE towards goal) .
=. Azure '
! IDNES.CZ; BID 0.4;
! ZOZNAM.SK; BID 0.7;
adWsSs : SEZNAM.CZ; BID 0.6;
. |
1
€databricks |
|
1

Automated download
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t%DotoSentics

Data Science
(applied)

% Automation
b

/AI \ Ge actually difficult part\

Neural Networks

Deep learning 80 % of impact
20 % of attention

80 % of attention Data/Machine Learning
20% of impact Engineers
Data Scientists
Data scientists DevOps
\ j IT architects

\Business architects J
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CESKAS
SPORITELNA

ASai

—

!

It is hard to use data automatically

No more vendor lock-in
We want to focus’on use cases

We want to be more agile

We have to break down silos

e Allianz (1)

> MONETA



DataSentics: Building your own data platform wjDataSentics
in your cloud

lllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllllll
. v
** ‘e

1. Your own and transparent : ) . .
: v Environment for rapid prototyping

2. Welcomed by data engineers, loved by data (Analytical Playground)
: scientists (Spark & Databricks) : :

3. Open-source analytics engine (Spark + Python/R) V' Effective Collaboration between IT, data

engineers, data scientists and business
4. Structured & unstructured data (Data lake &

centric)

5. Cloud Platform-as-a-Service (Your cloud MS V' Access to live production data

Azure or AWS)

6. IT grade production principles (makes IT V' Ability to immediately put algorithms into
depts. happy) S production
@ python 3 A\ Azure @WS et eteaeeateaeeateaaeeateaaeeateeaeeaeeeanenenaaent

. (v} \ .
®databricks e Spqﬁ?g R) '} glt

. .
.....
-------------------------------------------------------
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Al-augmented Customer Engagement 360° wiDataSentics

salesf

adform f‘

mmmmmmmmmmmmm

niclsen
@ KANTAR
C)2 media Digital campaign

Digital ONLINE ADVERTISING  OWN WEBSITE MOBILE CLIENT PORTAL 3rd party data, management tools
channels  (BROAD INTERNET) INTERACTIONS  APP INTERACTIONS INTERACTIONS Internet of Things, <
behaviour geo data, etc.
\ \ A
l l / Machine S
o : : . . learnin % c
Your data Digital non-client & client behaviour profiles & 88
science = N
o =
o ®©
platform NON-CLIENTS %
. . e
in cloud Client profile (CRM) s 5
o
£
/v ENRICHED NEXT BEST OFFERS <
. f T \ v
Classic
CRM / data Branches Transactional Emailing / Callcentrum p
& sales networks data / call logs
processes data SMS / Push / g

Classic campaign
(@ @ @ management tools
eonen  Gsas

Y ﬁ Y
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Start using your
data today

David Vopelka, Data Architect

A Washingtonova 17/1599
Prague 1, 110 00
Czech Republic

& +420733 621711

david.vopelka@datasentics.com

& www.datasentics.com
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Casové milniky se zdsadnim dopadem na GDPR Chytra sit 02

i

¥

2014 2018

Zména struktury MKT 25.5.2018 nabyti
souhlasl -> migraci ucinnosti GDPR
ztracime veskerou historii

@® ® ®
Vznik Telefénica Zahajeni pfipravy na
02 Czech Republic -> migrace pfichod GDPR
zékaznické baze CTc a Eurotelu
do jednotného CRM systému

& Y
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Hlavni strategické body klicové pro spusténi projektu Chytré sit 02

Schvaleni projektového planu a nastaveni
Ccasového harmonogramu

Definice struktury souhlast — rozdéleni
pro jednotlivé kanaly vs. jednotny souhlas

Priprava textace plného znéni souhlasu
v souladu s platnou legislativou

Vytvoreni centralni databaze vcetné aplikace
pro jeji spravu

7] DATA-BASED
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Pro efektivni sbér souhlasu bylo nutné Chytra sit 02
spravne analyzovat zakaznickou bazi

Segmentace dle produktoveé rodiny

|

o T o Segmentace dle kanélové afinity
Ih_dl oyl
Tm Vyuzivani online portald
= (U Komunikace s kontaktnimi centry O,
‘

DATA-BASED
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Predpokladany plan nabéru souhlasti s cilem 80% opt-in  chytasit 02

o Plvodnim cilem bylo nasadit sbér souhlast na vSechny online portaly
a aplikace (Moje 02, 02 Knihovna, O2 vyhody,...) - > oCekavana konverze okolo
40% zakaznik( v bazi

o Maximalnim vyuziti mobilni konektivity pres vlozené injection page

o Zapojeni prodejct na CC a O2 prodejnach bylo pfipraveno pouze pro pripad
neplnéni stanovenych cilt

Casovda osanabéru souhlasti

120% 50% Predpokladany Casovy
1:21 : g o harmonogram, ktery
60% % o vychazel predevsim
;‘zi - A jgj z akcelerace komunikace
o i o v prvnich 3 mésicich
Leden Unor Bfezen Duben Kvéten

Revize plnéni nabérl a zhodnoceni
pro zapojeni CC a Store

i+ | DATA-BASED
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Skutecné vysledky bezprostredné po spusténi zaostaly  chytrasi 02
za ocekavanim

16%

10%

Injection Page Moje 02

3%
. -
IVR

EV

Vyvoj nabéru koresponduje
s postupnou implementaci

Nizky podil opt-in baze byl také
zplUsoben problematickou
dosazitelnosti velké ¢asti baze

14%

o Velké Casové prodleni implementace
jednotlivych kanall

o Nizsi efektivita neprimych komunikacnich
prostredk{

000

02 Active CC/Store

120% 50%

,
100% 40%

80%
30%
60%

20%
40%

20% 21% 10%
%
0% ; 0%

Leden Unor Brezen Duben Kvéten
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Vzhledem k nizsi efektivité online kanali ménime strategii Chytra sit 02

Hned prvni tydny prokazaly nutnost zapojeni CC a O2 prodejen -> souhlasy
sbirame pri jakékoliv interakci se zakaznikem vcCetné telemarketingu

Rozhodujeme se pro ,,agresivnéjsi“ osloveni v online kanalech (ménime
pocty zobrazeni nabérovych formulard podle aktualnich konverzi)

Pripravujeme se na krizovy plan zapojeni neplanovanych aktivit pro sbér
souhlast -> direct emailing, odpovédni sms -> vSe spoustime jen nékolik
tydn( pred nabytim Ucinnosti GDPR
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Zmena strategie nas zasadné posunula Chytra sit 02
k pozadovanym cilim

Spoustime pfimou
komunikace pres emailing

a SMS
100% — . — 50%
V pribéhu Unora zapojujeme
20% CCa O, prodejny 0%
60% 30%
|_—* 54%
40% % 20%

0% 0%

20% % 10%
‘_ﬂ%

Leden Unor Brezen Duben Kvéten

ZvysSujeme targety a pocty
zobrazeni v online kanalech

Pokracujeme v nabéru souhlast a v nasledujicich tydnech se dostavame
na témer 70% , Cimz se dostavame velmi blizko pdvodnim hodnotam

/7 VvV 7/

Kampanoveé afinitni ¢ast zakaznické baze prekracuje 80%
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Vizualizace formulari pro sbér souhlast Chytra sit 02

Pop Up okno po zalogovani
do Moje 02

Injection Page
Emailing

Odpovédni sms
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Cool data.Cool space.



Ve kterych oblastech bych zménil pristup? Chytré sit 02

Casovani a fazovani projektu v ndvaznosti na kapacity IT a celkovou
pracnost implementace

Iﬁﬁmﬂg}l Dokonalejsi pochopeni chovani zakaznikt a vyuzivani jednotlivych aplikaci

Nastaveni pfilis ambicidznich cil{
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Prevoznik vs. vlk, Garry Kasparov
koza a zeli vs. Deep Blue
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Algoritmus prohledavani stavového prostoru

West Bank East Bank
FWGC
-W-C F-G-
FW - C --G-

- C FWG-
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Prohledavani stavového prostoru v piskvorkach

1] DATA-BASED



»*

Prohledavani
stavového
prostoru
v sachu?

her sachu nez
vesmiru.

Je vice 40-tahovych
elektronu v celém



Jak to Deep Blue délal?

“brute force” prohledavani & formalné zapsana expertni pravidla

Joel Benjamin  Miguel lllescas
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Ale to vsechno byla jen...

Good Old-Fashioned Al

Je dnes viubec néco jinak?

I asED




Jak dnesni Al vznika?

me substrat,

vytvari

z néhoz inteligence vyvstava (emerguje)
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Inteligence je o smysluplné kompresi dat a predikci vnéjsiho svéta

Lidska inteligence je schopna kontinualné komprimovat informace prichazejici
@ z obrovského multidimenzionalniho senzorického pole. Na zakladé této
komprese dokaze predikovat a ovliviiovat chovani okolniho svéta.

1 megapixelova fotografie

miliardy miliard

... presto je vSechny dokazeme
identifikovat jako jeden koncept tygra

kolik rGznych kombinaci zbarveni
pixel( zobrazuje tygra?
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Inteligence je o smysluplné kompresi dat a predikci vnéjsiho svéta

Lidska inteligence je schopna kontinualné komprimovat informace prichazejici
@ z obrovského multidimenzionalniho senzorického pole. Na zakladé této
komprese dokaze predikovat a ovliviiovat chovani okolniho svéta.

sitnice pfrijima miliardy bit0 mozek komprimuje pfichozi
informace o pixelech proud do nékolika malo bitd

komprese:  predikce: akce minimalizujici
tygr zaUtodi velmi brzo entropii:
utikej

7] DATA-BASED
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Al vyuziva algoritmy strojového uceni, vétSinou nad velkymi daty. Uci se
statisticky z téchto dat délat podobnou kompresi, predikci a rozhodovani

Strojové uceni vyuziva spoustu metod od prosté logistické regrese pres random forests
az po gradient boosting. Od roku 2016 je vSak dosahovan nejvétsi pokrok a vysledky pfi
pouziti hlubokych neuronovych siti — tzv. deep learning. Neuronové sité jsou vétsinou
data-hungry.

N\
N

4 dodavka
"' = |

', w [ \ x ] ses : E E
/ <L . .

vstup transformace vystup
obrovské mnoZzstvi bitd kompresni algoritmus malé mnozstvi bitl informace
informace nauceny z readlnych dat umoznuje rozhodnuti a akci

i+ | DATA-BASED
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V businessovém rozhodovani jsou vstupem neuronové site
mnohodimenzionalni Big Data generovana businessem.

Jde o efektivni synergii firemniho Data Lake s pokrocilymi algoritmy strojového uceni.

%Big Data p,aﬁor;g . g customer state = churn
“ o =
P e : s 2 : .
,"/// /// =
s SO [ | I
vstup transformace vystup
obrovské mnoZstvi bit( kompresni algoritmus malé mnoZstvi bitd informace
informace nauceny z readlnych dat umoznuje rozhodnuti a akci
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AlphaGo Zero vs. AlphaGo
(2017)



eep Reinforcement Learning

Playing Atari with Deep Reinforcement Learning

Volodymyr Mnih  Koray Kavakenogln  David Silver  Alex Graves  Toannis Antonoglon

Daan Wierstra  Martin Riedmiller

[a] DeepMind Technologies
&= i Fa ‘ arnni aan;;martin.r ller} @ I
..)
>
~ Abstract

We present the first deep learning model 1o successtully learn contml policies di-
recily from h dimensional sensory input using reinforcement learning.  The
manksl is a0 convolutional neural network, trained with o variant of Q-learning,
whose input is raw pixels and whose oulpat is a valoe function estimating future
rewards, We apply our method 1o seven Atari 2600 games rom the Arcade Learn-
i invitonment, with ne adjustment of the architecture or learning algorithm, We
find that it outperforms all previous appoaches on six of the games and surpasses

il

rexpert on three of them.

1 Introduction

Learning o control agents divectly from high-dimensional sensory inputs like vision and speech is
ome of the long-standing chatlenges of reinforcement leaming (RL). Most successiul RL applica-

1 tioms that operate on these domaing have relied on hand-crafted features combined with linear vilue
— functions or policy representations. Clearly, the performance of such systems heavily welies on the
1 quality of the featuie repre sentation,

Recent advances in deep leami madke it possible w extract high-level Teatures Trom raw sen-

sory data, leading to breakihroughs in computer vision [11, 22 18] and speech recognition [6, 7).

These methods wilise o range of neural network architectures, including convolutional networks,

multilayver pereeptrons, restricted Boltzmann maochines and recament neoral netwaorks, and have ex-

~ ploited hoth supervised and unsupervised learning. It seems natural to ask whether similar tech-
nigues could also be beneficial for RL with sensory data,

However reinforcement learning presents several challenges from o deep leaming perspective.
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Dota2: Open Al Five vs. Team Human
(2018)



Starcraft Il: AlphaStar vs. Human
(2019)



B — - -

ém horizontu Al

v jakémkoli uzce -

kognitivhim ukolu.

20 AlphaGo  Lee Sedol
S \Z ///.‘\\
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OOH+DATA
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NEJVETSI ZADAVATELE OOH V USA (2018)

1. "Apple 4. NETFLIX 7. &“9“’0
2. | 5. Google 8. amazon

McDonalds

AMERICAN Nl G
3. GEICO 6 “Baess 9 yndle

Media & Marketing

Netflix goes into billboard business
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()BigPlan
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? BigPlan

smart OOH planning

-
2 Egij(’

BigPlan vyuZiva big data
z chovani, pohybu a zajma
uzivatell spolecnosti 02

Tito uZivatelé generuji obrovské
mnozstvi dat o své poloze, mobilni
komunikaci, aktivité na internetu, pfri
nakupech v e-shopech, pfi sledovani
TV nebo pfi bézné komunikaci se svym
operatorem.

oo
Q=90

v
00000

Tato anonymizovana a agregovana data -
prepoctena na celou populaci 8+ (9 585 960 osob)
— jsou se souhlasem uzivatelQ vyuZitelnd
marketingové pro presné cileni na konkrétni
zakazniky = cilové skupiny.

| BIG
b R €

Pohyb SIM karet kolem nasich OOH ploch
béhem dne, ndm poskytuje presnou
znalost zasahu kazdého naseho nosice
pravé pro jednotlivé cilové skupiny

Na které poté mizeme presné planovat OOH
kampané a poskytnout vam standardni mediaini
ukazatele (Reach, Imprese, Frekvence, GRP, TRP,

CPT), na které jste zvykli
u ostatnich mediatypl



Na koho cilime?

Zakladni CS na kterou
planujeme je 8+

9.9

milionu
(9 585 960)

BIG
MEDIA




Na koho ci

Pohlavi

? Big

lime?

Plan

smart OCH planning

Zajmy Lokalita

Auto & moto 14 kraju
Bydleni, doméacnost, zahrada krajska mésta
Cestovani, kultura 77 okresl
Finance

Foodies

Kariéra, vzdélavani, zdravi

Nakupy, moéda
Rodina s détmi
Sport, hry
Telekomunikace
Pets

Drobni podnikatelé

Socioekonomické skupiny




BIG
MEDIA

Vysledky na zaklade realného pohybu
osob v daném mesici kolem vasich ploch
pro vami stanovenou CS
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Ocekavané vysledky na zaklade
realného pohybu osob v predchozim
meésici kolem vasich planovanych ploch
pro vami stanovenou CS
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SMS remarketing i

A Neomezené data =

rivych Lty

Z OOH primo do
mobilu cilové skupiny.

Oslovime vasi cilovou skupinu,
ktera projela kolem vasi OOH
kampané, navazujici nabidkou

pomoci SMS remarketingu OOH.

==~ ol kog
(o) (o)

[ | o
........................... > ...........................> ---------..................)
Vami definované cilové ...kolem vasi OOH ...Je zasldna SMS/MMS s
skupiné (CS),ktera kampané... obsahem, akci, odkazem,
projede... nabidkou, slevou, ktera

navazuje na vasi OOH
komunikaci,...

...diky niz se vase CS dostane
pfimo na vas web Instagram,
do eshopu, zavola na linku
apod.
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VIAVIS N

’ 4

ladimir Lazecky

£

-

PR

Predseda predst

DATA-BASED
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Kyber prostor

o Transformace Zivota do kyber prostoru
o Témer neexistuji limity

o Vira aniz si to uvédomujeme

o Anonymita je iluze

o Retrospektivni Utoky

o Evoluce neméla sanci




Priklady jsou vsude kolem nas VIAVIS  stetine pocsiins

} Girls Around

Girls Around Me scans your
surroundings and helps you find out
where girls or guys are hanging out.
You can also see the ratio of giris to
guys in different places around you.

Available on the
() AppStore

Syt
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Deep WEb - prO ilustraCi VIAV'S strezime podstatné

o pipl.com - vyhleddvac lidi, eviduje pres 3 miliardy

o insecam.org - nezabezpecené IP kamery

o shodan.io - asi nejpokrocilejsi vyhledavac

o deep-web.org - pfehled rlznych vyhledavaci

7] DATA-BASED
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Big data — digitalni identita

o Cil - identifikace uzivatele
* Business zajem
e Stataverejna sprava

o Jednoduchost pro uzivatele

Proc je klicova?
Kdo ma zajem znat identitu?

o Propojeni kyber s realnym svétem




Digitalni identita — konzervativni pristup VIAVIS | sretime posstane

Pouzivané zarizeni

Email ucty v systémech

Tel. Cislo, IMEI

Login a heslo

] DATA-BASED

Cool data.Cool space.




Digitalni identita — trend

o Nekonzervativni biometriky
e Souvisi s rozvojem Al
* Big Data
e Behavioralni charakteristiky

Nejvétsi bezpecnostni problém
s vyuzitim biometrik?

L]
w
<)
w
o
wn
L
(&%)
N
(=
o
o
(=}
o
o
o




Néekteré behavioralni biometriky VIAVIS  siezine pocstrne

o ZpuUsob psani na klavesnici
o Pouzivani mysi nebo touchpadu

o Chovani v kyber prostoru:
* Interakce s technologii
e Vyuzivani aplikaci
e Rezim vybijeni baterii
* Lokace uzivani, geolokace
e VyuZivani soc. siti
e Vztahy a komunikace
e Zajmy a interakce na zpravy
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Profilovani uzivatele VIAVIS  siciimepocsins

o Behavioralni analyza
o Psychometrie
o Uméla inteligence

o Strojové uceni

11.101

010
1aa110




Profilovani uzivatele FB VIAVIS  sieiinepocstoins

Psychological Gender

2=
. Masculine

Your Likes are fairly androgynous;
they suggest you're probably Male
but you don't repress your feminine

side.
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Profilovani uzivatele FB VIAVIS  sieiinepocstoins

Agreeableness
Competitive

Neuroticism
Laid back and Relaxed

38%

|
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Realita — https://www.michalkosinski.com VIAVIS | sreime possicne

Deep neural networks are more accurate than humans at detecting sexual orientation from facial

images (2018)
Wang and Kosinski in Journal of Personality and Social Psychology (JPSP)

After discovering that governments and corporations had been using Facial analysis algorithms to detect intimate
traits | decided to examine the privacy threats posed by such algorithms in the context of one of the most

sensitive personal characteristics: sexual orientation.

We show that an algorithm can detect sexual orientation from people’s faces with an accuracy comparable with

mammograms or modern diagnostic tools for Parkinson's disease. The differences between the faces of gay and
Download (paywall)

straight people were consistent with widely accepted theories explaining the origins of sexual orientation.

= Areplication of this study confirmed that sexual orientation can be predicted from facial images. Models were

D load (f int ; ; ; g
sl s invariant to makeup, eye-wear, facial hair and head pose.

Impact:

= PsyArXiv's most downloaded preprint 0f 2017
= The privacy threats highlighted in this paper inspired the cover and the leading article of The Economist

AUTHOR NOTES

(9/9/2017). See the cover story and the science section.
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Vyu illva na’ a na Iyti ka VI AVIS stiezime podstatne

o Face Recognition
e Digitalni identita poskytovana dobrovolné
* FBji provadi automaticky
* Pravdépodobné i u neuzivatel(

o Facial Analysis . -
* Pohlavi, vék , | ﬁ
e Socialni postaveni : Eyes are open
e Zdravotni stav & 1
* Emoce
* Sexualita
* Rizikovost chovani

7] DATA-BASED
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Vyu illva na’ a na Iyti ka VI AVIS stfeZzime podsiaine

o Objekty, scéna, detekce aktivit
* Misto, véci, aktivity
* Spojeni s digitalni identitou

e Profilovani — psychologie barev, predmeéty
v soukromi, knihy

o Patching —sledovani pohybu analyzou videa

o Unsafe Content Detection

e Analyza rizikového chovani, rizikovych
predmeétd
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Predikce chovani - kam az lze jit VIAVIS | sretine pocsiane

Slow pathway

C 4\
C A\

H.W E
7 &
1 &
i 2

7 pC -

2 BC :

Fast pathway
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Prakticky lze koupit vse VIAVIS  sieiinepocstoins

Hire Demonstrators

Are you looking to create a buzz anywhere in the United States? At Crowds on Demand, we provide our clients with protests,
rallies, flash-mobs, paparazzi events and other inventive PR stunts. These services are available across the country in every major
U.S city, every major U.S metro area and even most smaller cities as well. We provide everything including the people, the
materials and even the ideas. You can come to us with a specific plan of action and we can make it happen. OR, you can approach

us with a general idea and we can help you plan the strategy then execute it.

We've made campaigns involving hundreds of people come to action in just days. We have a proven record of delivering major

wins on even the toughest campaigns and delivering phenomenal experiences with even the most logistically challenging events.

Our services are now available throughout the United States, so whether you're looking at doing a single event or a multi-city
campaign, we have the resources available to achieve your goals. Our headquarters are located in Beverly Hills, CA with an event
operations center located in the suburbs of Dallas, TX. Satellite offices are located all over the country to allow us to execute
operations with as little as 24-48 hours notice in every city in the United States and with 72-96 hours notice in any rural or

exurban location in the United States.

What We Do
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Otevreny web — priklad sbéru informaci VIAVIS | sretime posstane

Pozorovany Pozorovany Tvlrce, Referovany Referovany
zdroj pramen interakce zdroj pramen
_ _

Volebni debata
kandidatd na
prezidenta

- Pravda od
aertnetss Drahosovi

novinky.cz

V Rusku spadlo PetF —
vojenské letadlo '

Freak aident:in
Dohazi ke zlevnéni Russia

benzinu
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Otevreny web — priklad vytézeni a hodnoceni

informaci

A

. fn.nova.cz
ekonomika. i[ﬁ"}es. cZ

zpravy.idnes.cz
ceskatelevize.cz
lidovky.cz
zpravy.aktualne.cz

"f’ésr‘}zrcw ravy.cz C

irozhlas.cz

V I AV l s strezime podstatné

video.aktualne.cz
eznamzpravy.cz

cz.sputniknews.com

aeronet.cz

parlamentnilisty.cz

czechfreepress.cz
tadesco.

S
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VZdélené riZika? VIAV'S stiezime podstatne

,Profilovani, psychometrie —to mne neohrozuje”
,Nemam co tajit, nedélam nic nelegalniho...”
,Stejné s tim nic neudélam...”

,Stejné na tom facebooku jsou vsichni...”
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Historie ovlivni budoucnosi

o Co je dnes legalni, zitra byt nemusi
o V kyber prostoru se historie nezapomina

o Trendy:
e Ziskani puUjcky, hypotéky
e Pre employment scanning
* Predchazeni kriminalité
e Politicky boj
* |dentifikace korupcnich rizik
e Al —vyuziti behavioralni analyzy




Proc€ brat rizika vazneé? VIAVIS | sietinepossiané

o Reputace

o Osobni bezpecnost

o Duavéryhodnost pro partnery, kolegy

o China Social System

o Némecko — kreditni systém pro pristup ke zdravotni péci

o U.K.—cizinecky systém kreditl pro prac. prilezitosti, pfistup k soc. sluzbam

o USA —socidlni skore obcant US

7] DATA-BASED
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D&kuji za pozornost.

DATA-BASED
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Jan Figlovsky & Vera Vavrova Vithova

Head of Micro- SME segment management CSOB
& KAM O2 I\/Iedla

#data-based | |": | DATA-BASED
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O projektu

ERCONCNEY

CSOB

Charakteristika kampané

Kampan na business zakazniky O, s marketingovym souhlasem s nabidkou moznosti ziskat
podnikatelsky Uvér od CSOB. Dvé faze kampané — brandova a vykonnostni. Osloveni
zakaznici mohou zazddat o pUjcku online prostfednictvim jednoduchého formulare.

Cile spoluprace

Cilem projektu byl primarné zajem o podnikatelsky Gvér od CSOB.

Vyuzité formaty

V ramci brandové faze jsme vyuzili webové imprese a direct mail. Vykonnostni ¢ast kampané
byla poté Uzce spjata s SMS komunikaci doplnénou o call centrum O2.

Cilova skupina

Business zakaznici O,, podnikatelé a malé firmy, vyloucené ,zakdzané” CZNACE
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Specifika firemnich uvéru ¢SOB

Spotrebitelsky vs. firemni Gvér

Castka

Ucel

Rychlost sjednani

Regulace...
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Timeline kampane CSOB

CSOB ATL S =0

(TV, Online, Radio)

L@

O, Direct Mail

O, cileny online

0, SMS

O, retargeting

ni awareness Vykonnostni kampan
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Customer journey CSOB

Organické leady

i == - & -

Osloveni Microsite s formularem
(Bannery, Direct mail, (Vygenerovani leadu
SMS) a odeslani do CSOB)

Generické leady

® o L R
-»-»I%‘” - 8-@

Osloveni Microsite s formulairem 02 call centrum
(Leady zanechané pomoci
formulare a zasila dokoncené
do CSOB)

Himl
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Highlights kampaneé

- - .
» -
Bt s wop -y prERRNT —
) , : e S .‘-:':"' :




Highlights kampaneé

B) Oslovenych zakaznikd chtélo uvér

C) Konverze do schizky

B ZJISTIT VICE >




Highlights kampaneé

A) Cena kampané
B) VySe Uvéru

C) Krokd nachozenych pfi pfipravé kampané |




Highlights kampaneé

A) Navratnost kampané v letech
B) Uspésnost Call centra O, v %

C) kg cokolady snédené v pribéhu kampané




CSOB

Prostor pro dotazy
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ifi Vasko

DATA-BASED

Cool data.Cool space.
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Aby vam e- malllng fu ngoval
' datech
Ukazeme si, co vse lze resit, aby to davalo smysl jak pro business,
tak pro koncového zakaznika.

DATA-BASED

Cool data.Cool space.



Predstaveni

O 0O 0o o O O O o O

Inveo.

Audity a konzultace

E-commerce platforma a sluzby
E-mailingova platforma a sluzby — Mailforce
Online Marketing (vykonnostni, social, content, ...)
Sprava webd

Veérnostni programy

Data management a analyzy
Vyvoj software

,‘.’ﬂﬁ@wﬁwﬁa_ﬁﬁ

Rozvoj start-up(
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Proc resit data pro e-mailing?

Davod( pro vyuziti dat je vice, nékteré jsou na nas,

nékteré nikoliv.

O O O O O O O O

Legislativa

Doporuceni ESP

Vykon a dopad kampané
MozZnosti pro upsell, cross-sell
Dlouhodobé vysledky
Loajalita zakaznickeé baze
Vnimani brandu

Inveo.

VITEJTE VE SVETE KRASY DOUGLAS!

\)aée/ vxe/&kroiewé/&é{ v%\/\oo{%
5 ‘kar\’ou Eow%tas
DAR KOVE VOUCHERY

20KC =1 BOD
200 BODU = VOUCHER 200 K&

POZVANKY NA
BEAUTY UDALOSTI

NAROZENINOVE
PREKVAPENI

i 33 VICEINFORMAGE WA
+ WWW.DOUGLAS.CZ

o \Jt&rﬁl’l &s\'e/ {é sv&jt e\emw& voucher,
Klex( jte. obedvieli pii zaloten Karty Douglas?

e

\ 3?

S T5% fals i g
Neshosije

2 2477 ONLINE-SHOPPING
DOUGLAS.CZ

=
1

T ik
Vasi prvni vyhodu

58 SLEVU

na dals{ nakup!

R




Prvni selekce nad daty — legislativa, (

]
v
|

Zde nezbyva nez se co nejlépe adaptovat
a byt v souladu.

o«

o Rozesilani (a vyuziti os.udajd) pouze na zakladé udéleného souhlasu ¢i opravnéného Z"uu

f

o Zajisténi jednoduché formy odhlaSovani — z rozesilani vyrazovat odhlasené prijemce

o Feedback-loop poskytovatelti — z rozesiléni vyfazovat ty, ktefi e-

o Rating podle chovani pfijemcu — z rozesilani vyrazova

~

o Idealné rozesilat jen na ty pfijemce, ktefi e-mail oprav
"



, v, , . INveo.
Jak dale vyuzit data, tentokrat dobrovolné eo

Zasadni oblasti, kde pracovat nad daty pro co nejlepsi vysledky

Personalizace - prizpUsobeni e-mailingu na miru konkrétnimu prijemci

Segmentace - rozdéleni prijemcd do skupin podle shodnych vlastnosti

Automatizace - rozesilani, ale i personalizaci i segmentaci déla systém sam

® @ =

DalSi moznosti a zjisténi
o Ukazatele z vlastnich dat
o l|dealné synergie z dalSich oblasti (dalsi MKT kanaly, CRM, ...)
o Vyzkumy a analyzy z trhu

o Specializované nastroje i sluzby

7] DATA-BASED
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Segmentace

Neni rozumné vsem prijemcim vzdy posilat identické sdéleni.

o Segmentace na bazi

Chovani v e-mailingu

Ci skrze vdechny kanaly
Nakupni a jiné chovani
Demografické atributy

Dalsi externi data Ci preference

o KaZdy segment se chova jinak a ocekava jiny pfistup

Pfizplsobeni obsahu a rozesilani obecné

o Vyuziti zejména v ramci hromadnych sdéleni

o Najit vhodny pomér mezi manudlni pfipravou
a automatizaci

Zejména zajisténi odpovidajiciho obsahu

I Primarni rozesitka

MMNC Primérni bez kuponi

REMC Reminder s kupony
RAMNC  Reminder bez kuponi

RMO  Reminder- Matky

MOC
MOMNC Matky ber kuponi

Inveo.

Duhovy letak - Mierti pz rebrandovanych
prodejen

Aluty letak - Mient dosud
nerebrandousnjch prodejen

Magagzin - vSichni adresst

Noui klubaFi - fersr regisorovant Senows
Teta kubu

Premiové kupony - klienil, krefi jsou Sleny

Specidlni nabidky - vEichni adresst
s preferenc specisinich nabidek

Oteviraci akoe - kienti nov:
rebrandovanych prodejan

Zoviraci akce - Kienti konéicich prodegien

Matky 5 kupony

i+ | DATA-BASED
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Personalizace

Cim vic vlastnosti e-mailu bude pFijemci postaveno na miru, tim lépe.

o Zakladni personalizace — dynamicka pole

Textové hodnoty (osloveni, pocet bodd, ..)

Obrazky (¢arové kody, uroven c¢lenstvi formou loga, ...)
HTML &asti (tabulka produktd, ...)

Fixni vs. dynamicky pocet vyskytd

o Idedlné v pfedmétu s preheaderem a horni Casti

o Pokrocila personalizace — kompletni télo na miru pfijemci

Sestaveni nejen na zakladé chovani
Nejvice relevantni obsah

Pokrocilé scénare (produkty z posledni navstévy, zajezdy
dle chovani apod.)

Vizualni podoba ale nebude TOP
Nutnost sofistikovaného reseni
Nejkonverznéjsi e-mailingy

Inveo.

Osloveni kfestnim jménem a propisovani

relevantnich produkt(

©

Dobry den Frantidku,

je to jiz delsi dobu, kdy jste i u n?
o ho budou. Dioptrie se

jostd diou
svého oZniho 1ékafe na prohlidk

R0kud byste se rozhod!” ™~ ‘\

Nessie / ernd

1590 Ké
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] Inveo.
Automatizace

Nékteré scénare Ize realizovat jen diky automatizaci.

o Specifické oblasti automatizace pro e-mail marketing Lifecycle e-mailingu a callcentra pro
o spole¢nost J&T Banka
e A/Btestovani

* Main-Reminder kampané

Welcome haalaed Informagni
newsletter dalsich sluzeb ——

c ) Podékovani
. , . . v s PFEdSEavenf ) sluzbaA sluzba B
*  Dynamické distribucni listy (segmenty, CK, ...) spoleénost 1

* STO pro personalizované rozesilani v konkrétnim case

o Typické trigger a transakéni kampané

* Narozeniny, svatky, opustény kosik, welcome e-mailing,
potvrzeni objednavky, reset hesla

neotevieno

e 1:1 komunikace

Reminder
nezalozeno

* Napojenina lS, ktery dodava data nebo iniciuje rozeslani

L
Welcome Zalozeni Bézici
o Pokrocilejsi scénare care produkty produkt

* Sestaveni rozhodovaciho flow, podle kterého se resi
konkrétni kampan (kampan, prijemce/-i, ¢as, obsah, ...)

* Vkladani vysoce personalizovaného obsahu (produkty, nabidky, ...)
* Synergie s dalsSimi MKT kanaly ¢i oblastmi

i+ | DATA-BASED
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Vyuziti ziskanych dat INnveo.

Pristup musi byt kontinudlni, na zakladé vysledk( a zjisténi vidy zlepSujeme aktualni stav.

o Co méfit za data
* Standardni e-mailové statistiky — otevreni, OR, kliknuti, CTR, CTOR, nedoruceni (BR), odhlaseni (UR)

* Doplnujici e-mailova data — UserAgentString (pro zafizeni), IP (pro geolokaci), zobrazeni v prohlizeci,
complaint rate, doba ¢teni

* Dalsi metriky, zejména webova analytika napf. skrze Google Analytics, ¢i z dalSich nastrojU

o Vyhodnoceni z pohledu e-mail marketingu
* Detekce, zda je vSe v poradku
* Rychlé vyhodnoceni Uspésnosti kampané
* Pokrocilejsi pohledy — heatmapa, analyza odkazd, chovani pfijemcd,...

+ Redeni dlouhodobych vysledkd z pohledu strategie a cild

o Propojeni s dalimi zdroji dat pro komplexni datamining
* Vysledky nejen za e-mailing spojit s dalsimi daty (atributy o pfijemcich, ...) pro hledani souvislosti

* Vystupem podnéty ke zlepsSeni, analyzy, nové segmenty, ...

o Zapojeni Al

* Nastroj se uci sam a pfrizplsobuje segmentim
obsah, resp. snazi se obsah konkrétnim
prijemclm davat pIné personalizovany
a v moment, kdy jej prijemce sam ocekava.

i+ | DATA-BASED
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'\-‘{“ .
e

57 Nig?”

Segmentu;te personahzujte.a automatlzu1te

P¥{jlemce musi v prvni fadé dostat to, co chce on sam..

A hlavné v odeslaném e-mailingu neudélejte chybu.

e .ol

J'|r| Vasko J|r| vasko@lnveo cz

DATA-BASED
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e InsightLas
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Osnova

o Jakym smeérem se ubira vyzkum trhu
o Vyzkum vs. Anketa

o Reprezentativita

o Cojeinsight

o O, SMS vyzkum




NOi . insightLab
Vyvoj v oboru vyzkumu nsightLab

Od tradice...

Osobni dotazovani

Telefonické dotazovani
Hloubkové rozhovory

Pozorovani, etnografie

©c O O O O

Offline focus group K trendiim
@ Online dotazniky

Privatni panely

Pasivni metriky

Zakaznické brand komunity

Online denicky a focus groups

Mobilni geo vyzkumy

o o O O o o o

Automatizovana sSetreni
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Proc vyuzit vyzkum?

o Dokaze popsat cilovou skupinu

o Zjistime proc (a jak) se rozhoduji zakaznici

o Zmérime vykonnost naseho marketingu

o Stanovime pozici na trhu v porovnani s konkurenci
o Zaznamename zmeny a vyvoj v ¢ase

o Dorudi insighty

Ukolem vyzkumu neni pfedpovidat budoucnost




Vyzkum vs. Anketa insightLab

Vyzkum
o Reprezentativita
o Overena metodologie
o Mozno zobecnit a vyvodit zavéry
o Meéfitrendy a zmény v Case
o Metody vybérd
Anketa
m o Vysledky nelze zobecnit
o Samovybér
o Snadné zkresleni
o Poradni hlas
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7 e s insightLab
Anketa neni reprezentativni nsightLab

Faceboook

a Vaclav Klaus ml. ted vysila Zivé
2 hod - €

Eurozéna je systém postaveny na Spatnych zakladech, euro je
.hemocny” projekt. Chcete platit eurem a patfit tak do tzv. tvrdého jadra,
coZ by také znamenalo doplacet na nezodpovédné tlenske staty?

ZWVE © 228

Cim chcete platit?

Twitter

Koruna Euro
Vaclav Klaus ml.

Cim chcete platit?

Eurozéna je systém postaveny na Spatnych zakladech, euro je ,nemocny” projekt.
Chcete platit eurem a patfit tak do tzv. tvrdého jadra, coz by také znamenalo
doplacet na nezodpovédné ¢lenské staty?

& Translate from Cze

Ost?s']nunnnﬁm _> h

oy Tesemilibi () Komentdaf 2> Sdilet
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insightLab

Anketa

Ma Ceska republika pFijmout euro?

Ne, nikdy
N o:.2%
Zatim ne

W 5%

Ano

B 9.9%

Nevim

| 0.2%

Celkem hlasovalo 42667 cienari.
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insightLab

Graf 2: Nazory na pfijeti eura za ménu CR - vyvoj v éase (v %)

——pro euro —a— proti euru

90
80 75 76 77 76 78 75

=

68 60, "N\ _o—
70 ’\Y/-—‘\\./.\l——’"
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Zdroj: CVWM
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Vyzkumné komunity

o Interakce mezi respondenty | g;
o Rizend moderatorem

o Neverejné prostredi aplikace

o Testovani strategii — kvalitativné i kvantitativnée

o Spolutvorba




. , . insightLab
Vyzkumna komunita InsightL.ai

YA @

A
i~ fal o

>
dohled nad projektem,
reporting, zadani /
pravidelny monitoring,
sprava témat, moderace
pfistup v redlném case,
klientské ucty ¢ ) —>
aktivita komunity KOMUNITA
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insightLab

\I/
/Q\

“Insight je odpovéd’ na posledni otazku,
po které uz nenasleduje dalsi proc.”
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insightLab

i

Protoze je drahé hledat cilovku a protoze
klesa ochota lidi odpovidat

7] DATA-BASED
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Jak cist vyzkumy?

o Znat metodologii sbéru dat a vybéru
o Znat velikost vybérového souboru a zdroj
o Pasport vyzkumu

o Reprezentativita

o Vyzkumy je nutné Cist s ohledem na vyse zminé

Nepodlehnout mameni své bubliny.




g tnsightLab
Reprezentativita nsightLab

Reprezentativita
schopnost vyberoveho souboru populace
reprezentovat parametry celku
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0 Reprezentativni vzorek populace CR pro vyzkum
".“ Velikost vzorku N = 1000, kvotni vybér, 18+

Rozdéleni

podle kraju

@ Hlavni mésto Praha 12%
0 Stredotesky 12%
@ Jihocesky 6 %
@ Plzensky 5%
@ Karlovarsky 3%
@ Ustecky 8%

@ Liberecky 4% " -

® Krélovéhradecky 5% LNy i

@ Pardubicky 5%

® Vysodina 5% S

® Jihomoravsky 1% @ S =
® Olomoucky 6% 'i'.k B ‘
® Zlinsky 6% :
® Moravskoslezsky 12% .

Rozdéleni podle pohlavi
Zeny vs. muzi

8% 9% 9% 9% 9% 8%
5 % 5 %
65a v{ce 55-64 45-54  35-44 25-34 18-24 18-24  25-34 35-44 45-54 55-64 65a vice
let let let let let let let let let let let let

52% 48 %



Rozdéleni
podle véku

8-24 let m 65 a vice let
25-34 let . 55-64 let

35-44 |et 45-54 |et

—_

insightLab

komunity vyzkum inspirace

Rozdéleni
podle velikosti obce

B h.l B
0-499 8%
500 -1 999 18 %
2000-4999 12%
5000-19999 18 %
20 000-99 999 21 %
100 000+ 23 %

Rozdéleni
podle vzdélani

51 % Zakladni vzdelani

35% @ Stredoskolské vzdelani
14 % @ Vysokoskolské vzdélanf



Ukazka vysledkd vyzkumu — Reklamni SMS nsightlab

Jak je na tom trh? Jaky ma reklamni SMS dosah?

80 %

dostava informace

97 %

vSMs precte reklamni SMS
45 % )
dostava zaroven 85 //0
reklamni SMS Precte SMS
o ve stejny den
8 %

ma prijem reklamnich
SMS zablokovany

Sbér dat realizovala spolecnost Data Collect 4 i": | DATA-BASED
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Pasport vyzkumu

CILOVA SKUPINA:
o Reprezentativni populace CR ve véku 18
let a vice

METODOLOGIE:

o Sbeér dat pro vyzkum realizovala spolecnost Data Collect,
specialista na sbér dat pro vyzkum trhu, ktera metodou
internetového vyzkumu CAWI monitorovala postoj lidi k

reklamnim SMS zpravam.

o Sbér dat probéhl v fijnu 2018 na reprezentativnim
vybérovém souboru internetové populace starsi 18 let.

o Velikost vybérového souboru: 1000 respondentd
o Primérnd délka rozhovoru cca 20 minut




Co z toho vyplyva?

o Vyzkum se digitalizuje: pozor na reprezentativitu

o Anketa neni vyzkum ... ale Casto je tak podavana

o Data z vyzkumU Ctéte se znalosti metodologie, pasportu, zadavatele
o Vyzkumny INSIGHT je plné pochopeni problematiky
o Ochota odpovidat klesa — ptejte se jen na nejdulezitéjsi témata
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